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Designing a chronological based framework for
condition monitoring in heart disease patients- a
data mining approach (DM-PTTD)
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Abstract — Since the most recent statistics report that in Iran and in the world, cardiovascular diseases are the main cause of
mortality; most of researchers pay attention to these fields. Data mining, as one of the most important data analyzers,
relationship explorers and event predictor tools, is an applicable tool in this research. One of the most important reasons of
cardiovascular disease is hypertension. So in this research, a diagnosis method for the controlled/uncontrolled hypertension is
presented. The input of the proposed method is the sequence of patients’ resorts to the doctor and the drugs which is prescribed
to patients by the doctor. In this method, a sequence classification problem is changed to a regular one. In this research, to
present patients’ resort, two feature vectors are explained and four famous classifiers are used. As a conclusion, the proposed
method diagnoses the controlled/uncontrolled hypertension with the accuracy of 85% and furthermore the SVM classifier is the
most efficient classifier between four famous used classifiers®.
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