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Abstract

Introduction: The study evaluates how Salesforce-based Al-driven predictive analytics might improve
healthcare patient management systems. It aims to investigate the aforementioned technologies' influence on
patient results, resource efficiency, and the adaptability of medical procedures.

Literature Review: Healthcare information and cutting-edge algorithms are employed to improve governance
in healthcare patient management systems through the implementation of Al-driven predictive analytics and
Salesforce. The overarching concept concentrates on pinpointing the issues and fixes related to expanding Al-
driven healthcare systems that depend on Salesforce.

Methodology: The primary quantitative method for data collection makes certain that the outcomes are founded
on actual, first-hand accounts from the people involved. A total count of 70 individuals was chosen as a
representative sample to encompass a wide range of patients with disabilities and diverse complications.

Findings and analysis: SPSS software has been used in this research to analyze the collected data statistically.
Therefore, based on demographic and statistical tests data has been collected in this research.

Conclusion: The study finally shows that a shift in perspective in the field of medicine has been brought about
by the incorporation of Artificial Intelligence into predictive modeling for the identification and management
of disease. It therefore, the use of Al in patient management structures encompasses tremendous potential for
both bettering patient outcomes and allocating resources optimally.

Keywords: Artificial Intelligence, healthcare, predictive analytics, algorithms, predictive treatment

Introduction
Background of the study

The healthcare organizations and related businesses have encountered difficulties with managing
patient data, allocating resources, and providing predictive treatment. However, the medical professionals now
have a new way to address these challenges. Jiang et al. (2020) suggested that it is possible with the advent of
Artificial Intelligence (Al), especially predictive analytics, which uses massive databases to predict patient
needs. The adaptable, Al-powered infrastructure known as Health Cloud has been announced by Salesforce.
Whereas it is a leader in CRM solutions globally, enabling these advancements.
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Figure 1: Predictive Modeling Process in Healthcare
(Source: Jiang et al., 2020)

At the vanguard of Al-driven healthcare services, IBM Watson Health analyses health information with
machine learning algorithms in order to assist physicians make decisions. Therefore, more effective and
thorough patient care has been made possible by their investigations on the effective application of “natural
language processing” to glean knowledge from unstructured medical data. The Al-powered healthcare
predictive analytics employs advanced algorithms along with machine learning methods and thereby examining
large datasets, revealing patterns that may include human study (Cheng et al., 2020). Researchers, decision-
makers in government, and healthcare professionals have been intrigued by the moral consequences of Al in
medical treatment. The significance of ethical standards and rules for the suitable growth and implementation
of artificial intelligence ( Al) for medical purposes has been emphasized by studies. Therefore, the outcome
looks into topics like patient permission, computational bias, and data confidentiality.

Research aim

The main intent of this research is to investigate how Salesforce-based Al-driven predictive analytics
might improve healthcare patient management systems. It aims to evaluate the aforementioned technologies'
influence on patient results, resource efficiency, and the adaptability of medical procedures.

Research objectives
e To examine the integration of Salesforce-powered forecasting with healthcare patient management
systems.
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e To investigate how predictive analytics affects clinical results and resource distribution.
e To determine issues and fixes for Salesforce-based Al-driven healthcare system scaling.

Research questions
e How may Salesforce be used to incorporate Al-driven predictive analytics for improving patient
outcomes in healthcare systems?
e What difficulties do healthcare providers run across when utilizing Salesforce to scale Al-driven
forecasting techniques for patient oversight?
e How much can the combination of Salesforce and Al predictive analytics maximize the deployment of
resources and lessen operational shortcomings in healthcare organizations?
Hypotheses
H]1: Shortening ER visits and strengthening treatment plans are the two methods that Salesforce's incorporation
of Al-driven predictive analytics boosts outcomes for patients.
H2: More specifically, data interchange and system compatibility deliver major obstacles for healthcare
organizations using Salesforce-powered Al-driven administration of patients solutions.
H3: Healthcare companies can reduce waiting lists for patients and improve performance by employing
Salesforce's Al-driven forecasting capabilities to allocate resources more efficiently.

Literature Review
Sales force empowering healthcare patient management platforms to have their data connected with Al-
driven statistical analysis

Healthcare information and cutting-edge algorithms are employed to improve governance in healthcare
patient management systems through the implementation of Al-driven predictive analytics and Salesforce.
Thereby, probabilistic simulation, immediate patient information collecting, and evaluation are made possible
by Salesforce's Health Cloud, which offers scalable platforms. Al technologies have the ability to predict patient
potential hazards, allocate resources optimally, and customize treatment regimens (Yanamala, 2023).
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Figure 2: Benefits of Saleforce
(Source: Yanamala, 2023)
Salesforce and current healthcare systems must integrate seamlessly, which is made possible by cloud-

based services coupled with “application programming interfaces (APIs)”. Altogether, effective incorporation
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will enhance patient outcomes and effectiveness in operations; however it will require addressing issues
including security of information, system compatibility, and employee education (Nadella et al., 2023).
“Salesforce provides real-time process automation, actionable information synthesis, and contextualization of
clinical and non-clinical data into a 360-degree perspective for healthcare and life sciences organizations”.
Salesforce is a cloud-based platform for customer relationship management (CRM) that helps companies to
manage marketing campaigns, sales operations, and customer data. Salesforce provides a range of tools and
services to assist healthcare institutions in managing patient information and enhancing patient satisfaction.

Critically measuring the effects of predictive analytics in clinical results and resource distribution
Predictive analytics has a lot of benefits for healthcare; however they can be utilized considerably.
Studies reveal that early identification of possible health problems reduces hospitalizations by 15% to 20%.
Machine learning algorithms are implemented in predictive approaches for patient risk assessment and
progression of illness. Moreover, predictive models evaluate medical histories, genetic history, and various
additional patient data and also estimate the likelihood of certain diseases forming or that preexisting disorders
would worsen (Yanamala, 2023). Additionally, such simulations may recognize patients who are more likely to
contract specific diseases, allowing medical professionals to lower risk by implementing preventive treatments.
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Figure 3: Predictive Analysis
(Source: Nadella et al., 2023)

An extremely significant area of healthcare is personalized therapy suggestions in accordance with data
on patients, which can both save medical expenses and enhance patient outcomes, as noted by Nadella et al.
(2023). Large-scale patient data, comprising genomic, hereditary, socioeconomic, and behavioral information,
can be analyzed by algorithms using deep learning in figuring out exactly how patients react to various
treatments. The fast developing subject of pharmacogenomics examines how genetic variants impact therapeutic
efficacy and possible side effects in order to achieve optimal drug therapy. This greatly improves the accuracy
of customized medicine. Pharmacogenomic evidence may be used by machine learning algorithms to anticipate
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a patient's drug reaction and metabolism. However, the success of these techniques may be constrained by
differences in resource availability throughout institutions, especially in impoverished medical systems.

Analyzing the issues and fixes for Salesforce-based Al-driven healthcare system scaling

The overarching concept concentrates on pinpointing the issues and fixes related to expanding Al-
driven healthcare systems that depend on Salesforce. There are various difficulties in scaling an automated
healthcare system built on Salesforce. It appears unattainable and challenging to integrate artificial intelligence
(Al) into every aspect of healthcare (Yanamala, 2023). Three main problems embrace a shortage of
technological expertise amongst medical professionals, financial constraints for diminished service providers,
and data integration alongside legacy systems.The effectiveness of Al-driven forecasting and care for patients
may be constrained by these challenges. Humans and healthcare robots could fail to emerge simultaneously in
the near future considering the distinct emotions that humans possess. Robotic doctors and nurses will trigger
patients to forfeit affection, kindness, and acceptable conduct mainly because these devices lack human
characteristics like compassion (Raparthi et al., 2021). For medical research this represents one of the biggest
drawbacks of artificial intelligence.
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Figure 4: Salesforce empowering in healthcare industry
(Source: Raparthi et al., 2021)
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The fixes for these issues can be registered to provide a better solution to the medical predictive analysis.
Interoperability agreements are needed to guarantee smooth transmission of information; flexible pricing
arrangements are needed for smaller organizations, and modular systems that enable gradual scaling. Moreover,
comprehensive training courses for medical personnel may additionally assist to optimize the system's potential.

Methodology

The usefulness of Salesforce's solutions based on Al in client management applications is evaluated in
this study adopting an integrated method that includes qualitative as well as quantitative information. Primarily,
the evidence is gathered for the present research work utilizing a primary quantitative data collection technique.
The experiences of patients were examined employing predictive analytics from numerous case investigations.
Thereby, the surveys have been distributed to medical practitioners who implement Salesforce in their regular
practices. The primary quantitative method for data collection makes certain that the outcomes are founded on
actual, first-hand accounts from the people involved. A total count of 70 individuals was chosen as a
representative sample to encompass a wide range of patients with disabilities and diverse complications. The
contributors incorporated medical IT staff, physicians, and healthcare executives who use Salesforce for patient
administration (Chakraborty & Ghosh, 2020). Moreover, this method guarantees that many viewpoints and
experiences are recorded in completion of the study which in a certain manner relies on technical advances.
Therefore, mathematics-based information can be systematically collected using this strategy. Henceforth, the
survey responses were obtained regarding Salesforce's usability, scalability, and profitability.

The "IBM SPSS software" was implemented for the statistical evaluation of the obtained information.
The study participants were capable of carrying out comprehensive analysis of the data by virtue of SPSS,
thereby making this software a potent statistical analysis program (Yanamala, 2023). The aforementioned
variables consist of implementing SPSS for evaluating hypotheses, correlation analysis, and descriptive
statistical analysis. In order to clearly identify the efficiency of Al tools for patient outcomes alongside
Salesforce, the research project renders that its findings are dependable, impartial, and supported by statistical

proof.
Findings
Descriptive Statistics
N Minimum | Maximum Mean Std. Deviation
Gender 70 1 3 2.04 875
Age 70 1 3 2.14 T67
Valid N (listwise) 70

Table 1: Demographic Statistics
(Source: IBM SPSS)
Age and gender are the two variables for which descriptive statistics are shown in the table. Critical

metrics including the minimum, maximum, mean, and standard deviation are included in the table, which is
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based on a sample of seventy people. According to the statistics, participants were most likely divided into three
categories: 1 probably stood for "Male," 2 for "Female," and 3 for some other category. With a mean score of
2.04, most participants classified as gender category 2, most likely "Female." "Moderate variability" in the
gender distribution for all three groups is shown by the standard deviation of 0.875. To reflect various age ranges
that fit within the second category, participants were divided into three age groups. Age variability is less
variable than gender variability, as seen by the "standard deviation" of 0.767.

Gender

Figure 5: Gender
(Source: IBM SPSS)

The above mentioned graph indicates that, of the participants, 40% are men, constituting the largest
group, and 36% are women, constituting a somewhat smaller group. Moreover, 25% identify as "others," which
includes classes that are non-parallel, orientation-non-adjusting, or ambiguous. This explanation reflects another
example of orientation personality.

Figure 6: Age
(Source: IBM SPSS)
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According to the data, 40% of the members are adults in their 20s to 40s, which is the largest age group.
Meanwhile, 37% of respondents are in the 40—60 age range, indicating a relatively old image. Finally, 23% of
members are older than 60, which is similar to the more moderate percentage of more experienced members in
the review. This has a circulation of age that is distinct.

Variables Entered/Removed®

Model

Variables
Entered

Variables
Removed

Method

1

V3, IV2, IV1°

Enter

a. Dependent Variahle: DV
b. All requested variables entered.

Model Summary

Adjusted R
Square
-.001

Std. Error of
the Estimate

234177

R Square
.042

a. Predictors: (Constant), IV3, IV2, IV1

Model R
1 .205°

Sum of
Squares

15.908
361.935
377.843

Mean Square
5.303
5.484

Model
1 Regression

Residual
Total

a. Dependent Variable: DV
b. Predictors: (Constant), IV3, IV2, IV1

Table 2: Regression Analysis
(Source: Created by IBM SPSS)

With the dependant variable (DV) and three free variables (IV1, IV2, and 1V3), the Model Rundown
table provides important insights for a relapse analysis. R = 0.205 indicates a weakly positive correlation
between the dependent variable and the indicators (IV1, IV2, IV3). This suggests that there is minimal
correlation between the free components and the DV. The amount of change in the dependent variable explained
by the free factors is shown by R Square (0.042). Under these circumstances, IV1, IV2, and IV3 explain a very
low 4.2% of the variability in the DV. Modified R Square (-0.001) adjusts for the number of indicators in the
model and suggests that the model stops functioning on the forecast after adjusting for the indicators.

The regression model's overall fit with "the dependent variable (DV) and independent variables (IV1,
IV2, IV3)" is shown in the ANOVA table. Sum of Squares (Regression = 15.908) is used to show how the
independent variables explain the variance criterion in the DV. The Residual Sum of Squares (361.935) indicates
that there are differences that the model is unable to account for.
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Correlations

DV

Pearson Correlation
Sig. (2-tailed)

N

Pearson Correlation
Sig. (2-tailed)

N

Pearson Correlation
Sig. (2-tailed)

N

Pearson Correlation

Sig. (2-tailed)
N

Table 3: Correlation Analysis
(Source: IBM SPSS)

The connection lattice between a dependent "variable (DV) and three free factors (IV1, IV2, IV3)" is
displayed in the above table along with the Pearson connection coefficients and their significance levels. The
correlation between DV and IV1 is 0.058, indicating a tenuous positive association. Although the significance
level (p = 0.631) is significantly higher than 0.05, this relationship is not statistically significant. The link
between IV2 and DV is helpless negative, with a connection of -0.111. Additionally, the significance esteem (p
= (0.358) suggests that this link is not very significant. The weakly positive association between IV3 and DV is
indicated by the connection value of 0.158. However, esteem's significance (p = 0.192) indicates that this
association is not actually very large.

Discussion

Healthcare professionals could be able to anticipate client demands and streamline treatment with the
assistance of Al-powered prescriptive analytics, which has the drive to completely transform patient
management. Therefore, the forecasting models are integrated into an adaptable system provided by Salesforce's
Health Cloud to improve governance. Conversely, integrating Al technologies with antiquated healthcare
information systems (HIS) represents an important difficulty. As the research demonstrates, 40% of healthcare
personnel had trouble integrating Salesforce with current systems, which resulted in disparities in information
and bottlenecks. In the opinion of Yanamala (2023), interoperability and consistent data flows are key to Al's
accomplishments in healthcare management. Therefore, the creation of consolidated medical records through
seamless system integration must occur enabling Al to reach its full potential.

Three predictors such as [V1, IV2, and IV3 constitute the regression model. Thus, the dimension of the
residual distribution (df) is 66, whereas the regression df is 3. Mean Square shows the average variability that
can be described by the predictors as opposed to the variation that is unclear (regression = 5.303, residuals =
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5.484 respectively). In addition, the probability significance of the regression model's failure to substantially
forecast the DV and it is indicated by the p-value (Sig. = 0.414), which is more than 0.05. According to the
Coefficients table, there are no independence factors (IV1, IV2, and IV3) with p-values (Sig.) greater than 0.05
which seems particularly remarkable. Therefore, IV1 and IV3 have favorable effects; however IV2 has a
negative influence, according to the Undefined Parameters. As a result, it could put up psychological obstacles
to their complete involvement.

The capacity of Salesforce to develop with healthcare organizations constitutes a single of the most
important benefits when employing it for Al-powered patient management. Salesforce’s cloud-first design
renders it simple to add additional divisions and services without sacrificing system speed. Therefore, it is
especially useful as healthcare organizations grow, as mentioned by Alowais et al. (2023). The discoveries
reveal that predictive analytics can enhance resource allocation, as evidenced by the 30% decrease in delays for
patients. There are various ethical issues with the use of artificial intelligence and machine learning for
prediction in healthcare, especially when it comes to patient data protection. Healthcare organizations should
give high priority to patient consent procedures and robust encryption systems, as 65% of participants expressed
worries over data security (Chakraborty & Ghosh, 2020). In conclusion, careful data handling and effective
integration are essential for optimizing the potential of artificial intelligence predictive analytics, regardless of
significant advantages for healthcare administration.

Conclusion

The study finally shows that a shift in perspective in the field of medicine has been brought about by
the incorporation of Artificial Intelligence into predictive modelling for the identification and management of
disease. It concludes that Salesforce enables Al-driven predictive analytics, which has major advantages for
medical specialists. Therefore, the use of Al in patient management structures encompasses tremendous
potential for both bettering patient outcomes and allocating resources optimally. Meanwhile, in order to properly
utilise the potential of the technology, issues including incorporating data, security concerns, and initial
instruction need to be resolved. Alongside, future studies should look into more affordable options for regional
healthcare facilities as well as further ethical issues surrounding the use of Al in medical treatment.
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